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Abstract: We address the question of how to communicate among distributed processes values
such as real numbers, continuous functions and geometrical solids with arbitrary precision, yet
efficiently. We extend the established concept of lazy communication using streams of approx-
imants by introducing explicit queries. We formalise this approach using protocols of a query-
answer nature. Such protocols enable processes to provide valid approximations with certain ac-
curacy and focusing on certain locality as demanded by the receiving processes through queries.

A lattice-theoretic denotational semantics of channel and process behaviour is developed. The
query space is modelled as a continuous lattice in which the top element denotes the query de-
manding all the information, whereas other elements denote queries demanding partial and/or
local information. Answers are interpreted as elements of lattices constructed over suitable do-
mains of approximations to the exact objects. An unanswered query is treated as an error and
denoted using the top element.

The major novel characteristic of our semantic model isthat it reflects the dependency of answers
on queries. This enables the definition and analysis of an appropriate concept of convergence
rate, by assigning an effort indicator to each query and a measure of information content to each
answer. Thus we capture not only what function a process computes, but also how a process
transforms the convergence rates from its inputs to its outputs. In future work these indicators
can be used to capture further computational complexity measures.

A robust prototype implementation of our model is available.

Key Words: exact real computation, distributed computation, dataflow networks, denotational
semantics, domain theory
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1 Introduction

Numerical computation is usually carried out in the floating-point model, which does
not accurately represent the real numbers due to rounding errors. The discrepancy be-
tween real and floating-point results is studied mainly to find out how negligible the
errors are. As an aternative, exact real number computation has been under active de-
velopment for several decades (e.g. [Turing 1935, Gosper 1972, Weihrauch 1987] and
more recently [Escardb 1997, Edalat and Potts 2000, Mller 2001, Lambov 2007]) pro-
viding results:

1 Supported by the EPSRC grant number EP/C01037X/1
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A. with explicit error bounds (validated computation),
B. to any arbitrarily high accuracy (exact computation).

Consequently, exact real programs are typically much easier to analyse and they can
even be correct by construction. On the other hand, they tend to execute slower than
their floating-point counterparts.

Some of the most practically successful approaches to validated computation are
interval arithmetic [Moore 1966] and the so-called Taylor models [Revol et a. 2005,
Neumaier 2003]. Note that computation using intervals with fixed-precision floating
point numbers as end-points guarantees (A) but not (B).

1.1 Our goals

Practical approachesto exact real computation are mainly of two kinds. those emphasis-
ing compositional denotational semantics (e. g. [Escardd 1997, Edalat and Potts 2000]),
and those emphasising execution speed (e. g. [Muller 2001, Lambov 2007]). One of our
goasisto provideaframework for exact real computation that takes the best of the two
approaches. compositional denotational semantics as well as the practical speed-up
afforded by flexible representations and flexible programming models. For example,
works from the former camp often support exact real computation via incrementality,
i. e. the ability to extend previously given result by further digits, thus making it more
and more accurate. Incrementality makes it particularly easy to compose exact compu-
tations as the computations can be seen as digit stream processors. On the other hand,
in some cases incrementality leads to high resource usage due to the need to encode
the previously given answers [Heckmann 1998]. In such cases, more efficiency could
be obtained if computationsare allowed to start from scratch when asked to giveamore
accurate approximation. Nevertheless, it is not as straightforward to compose computa-
tions that communicate their results non-incrementally.

Another important goal isto support practical exact computation where continuous
and/or differentiable real functions and geometrical objects, such as solids and mani-
folds, are first-class data. Thistype of computation tends to be complex to program and
computationally expensive to run, giving more weight to our first goal. Moreover, in
certain instances this kind of computation can benefit from being distributed.

A computation that produces partial information about an exact result from par-
tial information about exact parameters does so while producing and consuming the
information at certain interdependent convergence rates. Our last goal is to provide a
compositional analysis of convergence rates and make this notion available not only for
real numbers but also for functional and geometrical datatypes.

1.2 Outline of our contribution

To achieve these goals, we propose an adaptation of dataflow process networks — pi-
oneered by Kahn [Kahn 1974] — as they provide a model of distributed computation
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with simple denotational semantics that can be derived compositionally for nested sys-
tems. A Kahn datafl ow network is acollection of processes connected by directed chan-
nels. The networks can be infinite if they are described recursively. During execution,
the layout of channelsis static and processes communicate via streams of symbols over
buffered channels.

We build on the existing theory of Kahn dataflow networks by adding a more ab-
stract semantics and a dlightly more complex execution model. Our semantics adds
appropriate data types to cater for computation with continuous data types such as real
numbers, continuous real functions and geometrical solids. Kahn's semantics is at the
level of symbol streams and therefore requires that the processes are deterministic at
that level. Our processes are not deterministic but typically are extensional, i.e. de-
terministic at the level of our more abstract semantics. The execution model for our
networks s stipulated to be alazy onein which all communication is driven by explicit
queriesto facilitate a more efficient partial information flow.

Section 2 outlines these ideas together with examples. The rest of this article gives
formal definitions of these concepts, focusing on individual channels and individual
processes as outlined in Subsection 2.4.

1.3 Technical summary

The main technical contribution of this article is the derivation of domain-theoretic
denotational semantics from query-answer trace semantics. The queries form the basis
of a complete continuous lattice, each query representing a request for some partial
information about an exact result. The top element represents an ultimate query for
all information — it usually cannot be asked directly but via a sequence of smaller
queries converging to it. The answers to queries are identified with a basis of a dcpo
with an added top element that represents error. A trace is a set of query-answer pairs
with an explicit causality relation. We deliberately ignore time interleaving. Initially we
consider traces of communication between a value provider and value consumer and
later we consider traces that include all communication of a process on its input and
output sockets. In related work [Konetny and Farjudian 2010] we also consider traces
of networks. The causality relation is used for processes to capture for each outgoing
query the query or queries that caused it. Networks will introduce other sources of
explicit causality.

Semanticsfor asimpletwo-party communicationis derived from a set of traces cap-
turing all possible interactionsand it is a continuous function from the query lattice into
the answer lattice. The difficulty is how to safely supply values for queries that do not
appear in any trace. Our solution makes important use of the top element in the answer
lattice. Semantics is then extended to processes that can be denotationally viewed as
transformers of query-to-answer semantics of individual input/output connections.
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Figure 1. Aninfinite network computing the exact exponential on [0, 1], cf. [Potts 1998,
p.124].

f:D>R max {f(X) | xe D} : R

Figure 2: A simple network computing the maximum of afunction f over aninterval J.

2 Kahn'sdataflow networ ks extended

2.1 Datatypes

Kahn's semanticsis in terms of sequences of symbols, thus abstracting away the exact
timing but not interpreting the sequences as representations of any higher-level data
such asreal numbers. Potts[Potts 1998] has used similar datafl ow networksinterpreting
the sequences as exact real numbers, albeit restricted to afixed representation and avery
specific type of process. Our framework is more general than that of Potts’ in the sense
that it provides a formalism for dataflow networks with a wider variety of data types,
processes and representations.

For example, we can have a ssmple real number network such as the onein Fig. 1.
When executing, only afinite portion of the infinite network will be built and activated
at each moment. Using a fixed-point method similar to that of Kahn, one can work
out denotational semantics of finite portions of the network over the real interval do-
main (see e. g. [Escardd 1997]), replacing certain infinite parts with decoys that output
no information, which is denoted as bottom in the semantic model. Then, using a do-
main theoretic limit, one extends the semantics to the whole infinite network. Using the
Taylor theorem it can be proved that in such domain theoretic exact real number se-
mantics the network outputs the exact exponential of the input real number x whenever
x € [0, 1].

The network in Fig. 2 computes the maximum value of afixed continuous function
f over a compact domain D. Information about the function is communicated over a
channel to the process maxp that contains a general maximum-finding a gorithm for
continuous functions of type D — R. In a yet unpublished paper, we have presented
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arigorous proof demonstrating that, once considered over the space of al continuous
functionsof type D — R, an appropriate query-answer protocol provides superior over-
all performancefor the maximisation network of Fig. 2, compared with a strict one-way
protocol. With a query-answer protocol, at successive iterations, the maximising pro-
cess maxp can ignore the areas guaranteed not to contain any maximum point, and
instead focus the resources on the rest of the domain of search. Thisway, the maximum
set of the function f — i.e. the set of all maximum points of f — is approximated
together with the maximum value. Furthermore, we have quantified the improvement
in the complexity of the communications once the query-answer protocol is employed,
whereby the maximising node can specify which region of the function’sdomain it is
interested in.

2.2 Convergencerates

The next step in adapting dataflow networks to exact computation is adding another
kind of semantics. The semantics discussed so far tells us that the network in Fig. 1
outputs the exact exponential of the input. This type of denotational semantics com-
pletely hides the method of transferring the potentially infinite amount of information
about particular real numbers or functions between the processes in the network. As-
suming the transfer is gradual and one can measure the progress (e.g. using natural
numbers), we may want to also capture the rates at which the transferred approxima
tions converge?. In the case of the exponentiating network in Fig. 1, we may want to
check that whenever the input number is provided with an exponential rate, the output
number is also provided with an exponential rate. Assuming that all processes used in
the network have this property, we claim that the whole network does. (Note that thisis
not true for al networks.)

2.3 Lazy communication

Asour last step, we turn our attention to how the networks are executed. Most dataflow
networks in the literature assume that communication over a channel is one-way, i. e. it
is the supplier process that solely determines what symbols are sent over the channel.
The programmer establishing a channel makes sure the data sent by the supplier process
is the data the consumer process needs.

For objects such as functions and solids, the consumer may only need informa
tion on specific parts of the object, e. g. the graph of a function only on certain sub-
domains, with varying accuracies over each. The portion aconsumer needsis (typicaly)
very hard, or practically impossible, to be determined statically. We therefore let net-
works execute with two-way communication over channels so that consumers can make
gueriesto indicate what they need. For simplicity, we requirethat each query receives at

2 Note that the convergence rate is usually independent of computational complexity measures.
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Figure 3: A process multiplying two real numbers communicated using intervals.

most one answer and nothing is sent from the supplier except an answer to aquery. This
execution model extends traditional laziness where the set of allowed queriesis deter-
mined by the structure of the data, e. g. if the datais a pair, the query can only specify
whether one needs the left or the right component. With functional or geometric data
types, there is a much wider choice of meaningful queries and one has to restrict them
explicitly as part of aprotocol. For example, the maximising network in Fig. 2 may use
a protocol, which we denote P, that alows e. g. the following interaction about the
function Ax.e*;
([0,1,2) 2-! (0°%1)
([0,2].2) 2-! (0992
([1.2].3) 2! (122
([0,2],3) 2-! (0231237

)

where 2-! joins a query with its answer. Each query gives the provider a domain of
interest (e.g. [0, 2] in thelast pair) and a so-called effort indicator, i. e. a number indi-
cating how hard to try to give a precise answer.® The answers are piecewise constant
function enclosures, e. g.:

(f =0291292) = (if x € [0,1] then f(x) € [0.3];if x € [1,2] then f(x) € [2,9] )

Fig. 3 shows how a process could be defined using a version of UML2 activity
diagrams. Recall that the horizontal bars represent thread fork and join points. The
backwards arrow from the fork starts a new thread ready to process the next request
3 The value provider process may interpret the effort indicator as adesired accuracy. If the value
converges, effort indicators can be always interpreted as accuracy indicators but may be very

hard to determine what accuracy they indicate. We deal with this issue to some degree in
Subsection 4.5.



Konecny M., Farjudian A.: Semantics of Query-Driven Communication ... 2603

concurrently. Note that our processes are also lazy: they cannot do anything observable
until a query arrives because each outgoing query has to be justified by some incoming
query. This is important when defining process semantics (see Subsection 5.3). The
assignments in the code blocks use four primitive instructions:. receive a query, send a
query, receive an answer and send an answer. Query identifiers are used to link answers
to queries and also to indicate which incoming query is the reason for an outgoing
query.

Communication using queries and answers allows for a natural definition of conver-
gencerate, as long as we define (cf. Subsection 4.5):

— what type of ideal result each query aimsfor;
— ameasure of progress within a sequence of queries;

— ameasure of quality for the answers relative to the aim of the queries.

2.3.1 Connection with game semantics

It is worth mentioning here that our query-answer approach is very similar to the way
game semantics is constructed [Abramsky et a. 2000]. Our objective here is not to
obtain mathematical structures for the semantics of our computation model through
games, though the connection will definitely be explored in future work.

2.4 Outline of formalisation

In order to devel op these ideas of ours into aframework suitable for design and imple-
mentation of practical exact computation, one needs to:

— define one or more languages in which one can precisely define various protocols
for communicating approximations of exact values over atwo-way channel;

— define one or more languages in which one can express precisely how a process
receives and generates query and answer eventsfor the channelsthat are connected
to it through its sockets (e. g. the one used in Fig. 3);

— give functional semantics to the language(s) to express process behaviour in terms
of:
e transforming information from input to output channels as elements of high-
level datatypes derived from real numbers,

e transforming information as above but also capturing how processes react to
and define channel communi cation convergencerates,

e propagating queries from output to input channelsto aid liveness analysis;
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— provide a practical way to compute useful estimates for the above semantics for
nested process networks in a compositional manner.

In this article we focus on the third step only. We omit the first two steps, i.e. we
do not formally define any languages for defining protocols and processes. Instead we
define channel protocolsand process behaviour as sets of possible event traces. Thiswill
facilitate the inclusion of processes defined in a variety of languages as long as these
languages have trace semanti cs compatiblewith our assumptions. Our tracesare slightly
more abstract than usual. We switch the usual linear ordering of events by time for a
transitive causality relation, thus hiding the time interleaving of independent events,
which would unnecessarily increase the number of traces if it had to be accounted for.
The causality relation is used chiefly to capture when a query made to a process on one
of its output channels explicitly resultsin the process making one or more querieson its
input channels. One can have a query causing other queries around aloop in a network
and by transitivity causing another query on the same channel. Thus we have to account
for potential causality even when considering channelsin isolation.

We first introduce our take on the concept of trace in Section 3. Then we consider
protocols and the various semantics for traces of events on individual channelsin Sec-
tion 4 whilst in Section 5, we focus on semantics of individual processes.

3 Causality traces

A tracein our contextisviewed asaset of eventsand their descriptions partially ordered
by a causality relation. In practice, an event description usually consists of a query and
either its corresponding answer or the symbol 2 when the query is unanswered. 4

Definition 1 (Causality trace, Try). A causality trace over a set X is a tuple
= (2, E, n,e) where

— Y isaset of event descriptions,
— E isaset of events,
— n: E — X assigns descriptions to events,

— e C ExEisthedirect causality relation, which is anti-reflexive and well-founded,
i.e thereisnoinfinitechain--- e B3 be By be B.
Whenever 31 e 82, we say event 8 directly causes event ;.

We use > to denote the transitive closure of te.
Let Try bethe set of all causality traces over X.

4 It may seem a bit dangerous to amalgamate query and its answer as one event as they happen
at different times. Nevertheless, as our traces deliberately do not capture time sequencing,
separate timing isirrelevant. There seems to be no benefit in keeping queries and their answers
separate.
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Definition 2 (Subtrace, causally-closed subtrace). Any subset of eventsE’ € Eina
causality trace ¢ = (X, E, n, >e) determines a subtrace, denoted ¢ ', which is defined
asthe causality trace (2, E’, n g/, >o’) where o’ is the binary relation on E” defined as

B> By eodneN, Br,....Bne E\E : BireBie e - 1o e f3)

(If n = 0 then the right hand side would simply be 3’ e 37.)
Whenever thereareno’ € E’, 3 € E\E’ with 8’ te g nor 3 ve 8’ then | iscalled
a causally-closed subtrace of .

To cater for traces whose events are indexed by process socket names and process
names, we need the following:

Notation 1 For an indexed family of sets {X; | i € |}, its discriminated union and
Cartesian product are denoted and defined as follows, respectively:

> xe= i< | ieth [] x={f:1ouxlien|vie:iex)
Definition 3 (Indexed causality trace, restriction, projection). A causality trace ¢

over the discriminated union X' = ;. X; issaid to beindexed by I.
For eachiindex subset | C | wedefinearestriction of £ = (X, E, n,»e) to |, denoted

&= v, Er i, eyp)

asthe subtrace { g, further restricted to be over the set Xy, = 3¢, X; instead of X and
where E;. is the set of those events among E that are labelled with descriptions from
2. Thus, if welety, : E, — Eandy. : 2 — X to be inclusion maps of their
respective domainsinto their codomains, then the following diagram commutes:

E. e >

o e

E—n>2

We call v, an event inclusion map.
The projection of £ to theindex i € | isthetrace

G = (X, Ei,ni, >ey)

where E; = Ejj) , poj = ey and ni(«) is the second component of the pair 7i(@) €
{(i,c) | c e Xi}. Whentheindex set | isasingleton {i}, we simply writey; instead of yy;;.

An indexed causality trace ¢ is sometimes referred to as an interleaving of al its
projections (&) -

Fig. 4 illustrates the concept of trace interleaving. Note that the two dashed links
between elements related by me cannot be “inherited” by any of the projections, only
its transitive consequence (the bold link) is inherited indirectly. Similarly, there can be
causality pairsin ¢ that are not inherited in any of the projections, even indirectly.
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Figure4: Aninterleaving ¢ of two finite causality traces £1 and 2.

4 Query-answer protocols

As explained in Subsection 2.4, no concrete language for defining channel protocolsis
given here, nor any algebra of protocol operations. Instead we start from a low-level

semantics in terms of trace sets and the way these sets are defined is left open. As a
conseguence, a constructive systematic mapping from protocolsto semantic domainsis
impossible to develop and we will only require certain features and properties.

4.1 Protocol traces

We use causality traces to model channel protocol traces. Nevertheless, the causality
relation plays no particular role at this stage. The relation will be used substantially
when defining traces for processes and networks. For individual channels, the order is
often inherited via projection from that of the processes and networks.

Definition 4 (Query-answer trace, Tr g o). A query-answer trace over the set of
queries Q and the set of answersA isacausality trace over the set X q o := QX (AU{RQ}).
We additionally require T € 2, which denotes an explicit “error” and Q ¢ 2, which
denotesalack of answer.

We write Trg o to stand for Trs,, i. €. al query-answer traces over the given sets.

Each event in aquery-answer trace contains a query. When we focus on queries, we
sometimes refer to events simply as queries. If such an event also contains an answer,
we call it an answered query, otherwise an unanswered query.

In query-answer traces, causality 81 > B2 wheren(B1) = (di, 1) andn(B2) = (02, X2)
isinterpreted in two ways:

— occurrence 81 of query g, causes occurrence 3, of query gy,

— occurrence 3, of (non-)answer x, causes occurrence 81 of (non-)answer X;.



Konecny M., Farjudian A.: Semantics of Query-Driven Communication ... 2607

Definition 5. For atrace = (2, E, n, o) € Tro g we define:
- QY(0) = {a ] Ix(a,¥) € n(E)} (the queriesin ¢)
— QA(Q) := n(E) n (Q x A) (the query-answer pairsin ¢)
— Ans(?) := {a| 39.(q, a) € QA()} (the answersin )

Definition 6. A query-answer protocol P isatriplet (Qp, UAp, Ip) Where Qp and Ap are
sets, called its query and answer sets, respectively, and Ip C Trg, a1, iS aset of traces,
called its permissible traces, satisfying the following property, which intuitively means
that the protocol must allow both parties the freedom not to communicate:

Forany £ = (X, E, n,e) € 3p thefollowing traces arein Ip aswell:

— (2, E, n,>e’) for any anti-reflexive and well-founded e 'C E x E
— (g foreach E’ C E (subtrace)

— (Z,E, 5, o) wheren’ is obtained from n by turning some events to unanswered
queries, i.e. for some E’ ¢ E we havern’(B) = n(B) for dl g € E\ E’, whilst for
eachp’ e E’,Aq e Qp,ac Up : n(B’) = (g, @) and ' (B’) = (q, Q). (less answered
trace)

Note that the empty trace is permissible in any protocol.

4.2 Protocol semantics

While data on channels is communicated as concrete symbols, we would like to inter-
pret these symbols as representations of approximationsthat gradually communicate a
more abstract semantic value. This concept is well-captured by domain-theory, which
is the semantic model we use to interpret the abstract values being communicated.

Domain and lattice theory are rich theories, yet there are still varied — even oppos-
ing — terminology used even for very basic definitions. We adopt the terminology and
definitions used by [Gierz et al. 2003].°

To minimise notation overhead, we will identify the query and answer symbols used
in query-answer traces with their meaning as approximations to the ‘perfect query’
(i.e “give me the whole object!”) or approximation to a ‘ perfect answer’ (e.g. a con-
tinuous real function). With this in mind, from now on we will require that for each
query-answer protocol £ we have:

— Qp isabasis of a continuous complete lattice, which we denote [#lq and call the
query lattice;
5In addition to [Gierzet a.2003] the reader may refer to [Abramsky and Jung 1994,

Amadio and Curien 1998] for extra information on the subject of domains and their use in
semantics of programming languages.
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— Qp must not contain L, which isinterpreted as “no query”;

— Ap isabasis of acontinuous complete | attice, which we denote [#], and call the
answer lattice;

— T (i.e the“error” answer introduced in Def. 4) is the top element of [#],.

The maximal elements of the domain [P, \ {T} are the ideal objects that the ‘ conver-
sation’ is about, i. e. the * perfect answers'. For example, a protocol for continuous real
functions similar to the one we considered informally on page 6 will havein its answer
lattice adomain of continuous functions over the interval domain:

Definition 7 (Protocol Pr, for continuousreal functions). The protocol g, has the
following components:

= Up, = {ULy(@ \yb) |neN, a.bi € IQ} U (T} C [IR > IR]™ =: [Penll,
where (g \, @)(X) = awhen x 21 g, otherwise (g \, a)(x) = L.

- Qp, = {aLlaR ' neN, a=[a,aR] € ]IQ} C[R - w] = [Prnllq
where w is the poset of naturally ordered natural numbers

- T, = 0| € Ty, LIANSE) % 7T)

Notice that in this protocol the piece-wise constant function enclosures used as an-
swers act on intervals, whereas on page 6 they acted on real numbers. Nevertheless, as
the interval version is an extension of the real number version, it is justified to use the
same notation for concrete queries and answers in this protocol as we did on page 6.
In practise we may need more sophisticated variants of this protocol. For example, one
can use piece-wise polynomia enclosures as implemented in [Konetny 2008] instead
of piece-wise constant enclosures.

4.3 Extracting semanticsfrom a set of traces

Next, we lift semantics of individual queries and answers to channel traces and sets of
such traces so that we can describe the essence of channel communication for one or
more variants of nondeterministic network execution. The higher the query, the more
specific answer is required. Therefore, to safely approximate queries, we consider the
least upper bound over alternative executions because we need an upper bound on the
ideal type of answer the queriesare asking for, e. g. when cal culating convergencerates.
To safely approximate answers, we use the greatest lower bound so that we obtain a
lower bound on the information transferred in any execution variant.

Definition 8. The Q-semantics of a trace { € 3p is the element of [#]l, defined as
[<]lo = LU Qry(¢). The Q-semanticsof aset Z € Ip is [Zlg = Lzez [<1o-
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The query-to-answer mapping defined by a set of traces under protocol £ can
be expressed by a continuous function from [#lg to [#l,- From such a function
one can find out whether under al circumstances the answers in the traces converge
to the same object and if they converge, what object they converge to and a lower
bound of the rate at which they converge. We denote the lattice of such functions
[Plga = [[[P]]Q - [P] A]. To define the semantics of traces in this space, we first
need the following auxiliary construction:

Definition 9. Let (P1,C1) and (P2, C») be two posets and assume that P, has a top
element T. To each pair (g, @) € (P1 x P,) aco-step function is assigned as defined by

a ifxcpq

/a:Pr->P, (g aX:= {T otherwise

Notice that thisis dual to the usual step function (g ™\, a)(x) used in Def. 7.

Definition 10. The QA-semantics of atrace / € Tp is the element of [#loa defined as
[Zlon =] {07 a|a=Liag, a= Laa, [(@.a) |i €1} < QAW

The QA-semantics of aset Z C Tp of tracesis defined as [Zlg, = [1{[¢llga | £ € Z}.
Trace A-semanticsis defined as []|a = [¢Tloa (IZ]lg) and [Z1 5 = [ZIoa (1Z10)-

To help unpack these definitions, let us consider the semantics of the examplefinite
trace from equation (1) on page 6. The meanings of its individual queries and answers
are illustrated by diagrams in Fig. 5. Let us cal this trace {eqpfin. The Q-semantics
[Sepisinlg is the supremum of the four query elements, which is equal to the last one.
The QA-semantics [[{exp finll oA mapsthe elements of the query lattice as shownin Fig. 6.

Our definition of QA-semantics does not seem natural at first sight. Next, let usjus-
tify the choices made and state afew key properties of this semantics. When computing
QA-semantics of a set of alternative traces, we would like the result to be a safe lower
bound for what was communicated in each trace:

Lemmall (QA-semantics safety). For any set of traces Z and any query answer pair
(0.8) € { € Z, wehave [Z] s (9) E &

To get this property we need to use infimum when combining semantics of individ-
ual traces. When a specific query appears literally in multiple traces, it seems natural
to assign it the infimum of all the answers given. Thisis the case for our definition ex-
cept for the kind of undesirable behaviour when thereis a higher query that is answered
worse. When a single query appears twice in onetrace, we could legitimately assign the
better answer to the query in the semantics. Providing for such improvement would lead
to a more complex definition. We avoid this as we view multiple occurrences of single
gueriesin one trace as an undesirable behaviour. Thus we aways take the infimum of
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all answers whether in the same trace or in different traces as the semantics for a query
that appears literally.

Themain issue iswhat to assign to query elementsthat do not appear literally in the
traces under consideration. It may seem natural that one should consider queriesthat are
below the given element and use their answers as approximations. The problemisthat it
makes no sense to take the infimum of such approximations— it would always be near
1. Thus we have no choice and take the opposite view and consider trace queries above
the current query element and assign to this element the infimum of their answers. This
is appropriate as long as we assume that the queries used in the formula are the only
ones that could ever be asked on a certain channel. We will use trace QA-semantics
only where this assumptionis clearly true.

Let us now return to the example trace semantics. Notice that the bound [0, 5] on
domain interval [0, 1] in the first query-answer pair does not play any role in the QA-
semantics. This is so because its query is lower than the second query but its answer
is higher than the second answer when restricted to [0, 1]. Whenever the first query-
answer pair isrelevant for computing QA-semanticsfor a particular query-lattice value,
so is the second pair and due to taking an infimum of the co-step functions, the second
answer will absorb the first answer over [0, 1].

This behaviour seems to go against intuition as some extra information carried by
thefirst pair islost. If we want to avoid the loss, we need to either change the protocol
or change the definition of QA-semantics. From the explanation following Lemma 11
it seems that one cannot define a safe QA-semantics otherwise without making it sub-
stantially more complicated. We concluded that the benefits obtained by adding an extra
layer to the semantics do not justify the cost.

I'n our view, abetter solution would beto use another interpretation of querieswhere
the queries in our example are not comparable. The query lattice would be a variant of
'@, i. e. the Cartesian product of afamily — indexed by elements of 1Q — of copies of
w. Thisleadsto a different protocol, although syntax we used for the queriesin P, can
be re-used for specifying atomic queries in this new protocol and the answers would
be exactly the same in both protocols. We do not develop this protocol here any further
because it is harder to formalise and reason about than Pr, and its benefits over Pr,
seem negligible.

4.4 Relative convergence

It seems natural to call atrace ¢ € Tp convergent if [£], is a maximal element of
the domain [P, \ {T}. Thisis all the more intuitive when we deal with ground types
rather than function types, e.g. when [P, iSIR, the interval domain [Escardd 1997].
Nonetheless, in higher orders this definition is not adequate as there are cases where
we are only interested in information locally. For instance, let f : R — R and assume
that we are only interested in information about the graph of the function obtained by
restricting the domain of f to [0, 2]. Thus, we consider a more general concept which
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Figure 7: Illustration of adjunctions on semantic spaces relative to query elementsq; C
2.

we call relative convergence. To that end, for each protocol # and each g € [#l, we
assume the existence of:

— acomplete continuous lattice SubAf; and
— asurjective adjunction RestrA?: [Pl = SubAj :InclA7.
such that:
— for g = T the adjunctionis bijective.
— foreach g C gz in [, the following adjunction is surjective (see Fig. 7)

RestrA], o InclA%: SubA}, = SubA] :RestrA], o InclA7

We shall omit the superscript # where protocol is clear from context.

The injective right adjunction InclA , can be seen as embedding the lattice SubA
as a sub-lattice near the bottom of the lattice [#], and RestrA, can be seen as pro-
jecting every element in the larger lattice to a lower element in the sub-lattice. (Such
adjunctions are called embedding-projection pairs.) Intuitively, for each query element
g the adjunction determines a family of relevant answers, i. e. the maximal elements of
SUbAY \ (T}

We now augment Def. 7 (i. e. protocol $r,) with these newly introduced protocol
components so that we can talk about relative convergence of trace setsin this protocol:

— SubAj" = [IS; — IR]"
where Sy = {r e R | q(r) = T} andIS; = {a] ae [R,aC S}

— InclA7(f) == Aa(if a€ IS  then f(a) else L) : [IR — IR], InclA{F(T):=T

— RestrAf(f) = daf(a) : [IS; — IR], RestrAfF(T):=T
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For P query-lattice elements that do not reach T for any real number, Sq is empty
and the space SubAf;Fn isthetrivial two-element lattice, whose elements are mapped to
L and T by InclAGF.

Definition 12 (Relative convergence). Let # beaprotocol and g: € [Pllo. An element
d € [Pllga is convergent relative to g iff RestrA, (d(qy)) is maximal in SubAg \ {T}.
Moreover, d is fully convergent iff it is convergent relativeto T € [#ll,,.
A trace{ € Jp isrelatively convergent iff [[{]loa is convergent relativeto [[{]l.
A set of traces Z isrelatively convergent iff [[Z]]QA is convergent relative to [[Z]]Q.

All finite P, traces have the trivial one-element target space and are therefore triv-
idly relatively convergent. To get more interesting examples, consider the following
Pen traces.

— Zapioa = {(10,21,m) 2! [0 121 27) | ne )

— Zapo = {([0,27, 1) 25! [0 121 27) | ne v}

The function [[g“@(p,[o,zl]]Q reaches T on the interval [0, 2] and thus aims to know
the function fully on the whole interval [0, 2]. On the other hand, [[g“exp,o]]Q reaches
T only at point O and thus aims to know the function fully only at point 0. Both
IIgap,O]]QA([[gap,O]]Q) and [[ga(p,[O,Z]]]QA([[{exp,[o,z]]]Q) give the same approximaIion, i.e
the enclosure that maps the singleton [0, 0] to [1, 1] and maps every other interval to a
non-singleton interval or L. Thus {epo IS relatively convergent whereas {exp [o,2) 1S not.
The set {gmp,[o,g], g“@(p,o} is not relatively convergent because the higher one of the two
query-lattice elements is used to determine the target information and neither of the
traces meets it. Please note that for a set to be relatively convergent, all the traces in
it have to meet the common target. Also, a set of relatively convergent traces does not
have to be convergent if the traces have different targets and do not reach the supremum
of these targets.

Another interesting example is the trace that differs from {epo by replacing the
supremum in the answers with only one term with i = n. The answers in the trace all
agreethat at point O the communicated function admitsthe value 1 but the answers also
lose information close to point O while the query effort indicator increases. This leads
in the limit to losing all information also about point 0 and the resulting semantics of
the whole trace is the constant L function. (The function that maps [0, 0] to [1, 1] and
all other intervals to L is not continuous and thus cannot be the infimum of the step
functionsthat arise from this trace — the constant L functionisin fact the infimum.)

45 Convergencerates

Our next goal is to develop a notion of convergence rate. For that we need to quantify
theinformation content in answers (i. e. the quality of answers) and extract from queries
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an indication of required answer quality. We will measure answer quality using real
numbers extended with +co for perfect answers (i.e. maximal elements of the answer
domain) and indicate required quality using natural numbers extended with bottom and
top. A convergencerate is a mapping from the latter to the former.

Thus, we require each protocol # to be equipped with:

— arelative approximation quality measure || . SubAg’ \ {T} = RY satisfying
e aC b= lay, <Iblp,
e |al,, = +oo © aisamaximal element in SubAY \ {T};

— amonotone query effort indicator map |-|p: [Pllg —» w' that takes L 00, Tto T
and no other element is mapped to 0.

We equip protocol =, with such measures as follows:
=l q = Iflni,  (i.e. theinverted maximum width of function enclosure f)

— lalp, = 1+ max(q) (assumingthat 1+ L = O for convenience)

Definition 13 (Convergencerate). Let # be a protocol and d € [#lg, convergent
relativeto g € [#lg-
Thefunction

convRatep o (d) : N — R% :nis 'Hng"q‘pzn RestrA7, (d(q)) ra

is called the convergence rate of d measured relativeto q;.

For a relatively convergent trace /, convRatep(!) = coanatep,[[{]]Q([[g“]]QA) and
analogously for a relatively convergent set of traces Z, we define convRatep(Z) =
coanatep,[[z]]Q([[Z]]QA).

We can now work out the convergence rate of the relatively convergent trace  exp.o.
In this trace, for a query whose second component isn — 1, corresponding to an effort
indicator n, we get an answer of size 2" when focusing on the locus of convergence,
i.e. point 0. Thusthe rate of convergencefor £ exp0 isAN.2"1. For arelatively convergent
set of traces, its convergencerate is the infimum of the convergence rates of individual
traces.

4.6 Protocolsfor higher order types

When communicating avalue of ahigher-order type such as afunction operator, aquery
needs to specify a substantial amount of information such as afairly accurate enclosure
of afunction or even an approximation of a higher-order function. While for order 2
it is still practical to send such an approximation as a part of the query, for orders 3
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and more, it is usually not practical. We suggest to instead use a separate sub-channel
going in the opposite direction for communicating the query information and have the
query refer to this channel. Instead of formalising the creation of sub-channelsand their
references, we will simply pretend that a query can contain atrace of a sub-protocol. In
practical implementations this trace would be realised on a sub-channel and could be
shared among multiple queries. We consider this an optimisation that does not influence
the semantics. When we consider computational complexity in future work, we may
need to adapt the model to reflect sub-channels more closely.

Definition 14. A higher-order query-answer protocol is a query-answer protocol
with associated:

— sub-protocol for queries S
— set of direct queries Qp
— asurjective query-constructor map qgo cIps X Qp — Qp

Thus queries can be thought of as having two components: adirect component and a
finite trace in the sub-protocol. When giving semantics to a higher-order query-answer
protocol P, it is recommended to first give semantics to the query sub-protocol S and
define the semantics of # queries with the help of the semantics of P S traces. One way
to realise thisideais formalised in the following construction:

Definition 15 (Generic construction of higher-order protocol).
Assume query-answer protocols P, and £, (which themselves may be higher-order).
The higher-order protocol [£1 — P-] has the following components:

= Upp, oy = {ULy(@ ) [ne N, & € Ap,, by € Up, | U{T)
C [[P1lx = [P2lp] = [[P1 — Pallla

— [Pl g PZ]S = Pl, Q/[Pl_)pz] = QPZ

— A () = [0 N o
€ Qp, 9, € [[P1lp = [P2llg] = [[P1 - Pallg

~ Fpor = {lf | g€ Z’alplwzl Ay —py) 2 LIANs({) # T}

— SUbA: P = (F € [[P1lly = [P2lly] | Vae [P1], .F(a) € SubATz U (T}

a,

— Incl AP (F) = /la.(lncIAz’(z)(F(a))) InclAl=P2(T) = 7
— RestrAl"""(F) := ja(RestrA% (F(a))  RestrAl (7)== T

= IFlip,p0 = Minectyp, (IF @y, o)
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= ltlp,p, = MaXaciey, (9@e,)

We shall now briefly study an example higher-order query-answer protocol for com-
muni cating continuousreal function operators, which is defined using an instance of the
above construction:

Definition 16 (Protocol Peqen for continuousreal function operators).
Penen = [Pen — Penl.

Asan example, consider the following Prqrn trace, called {1y, which communi-
cates partial information about the function operator Af.Ax. f(x — 1):

(G2 (Zn. ([1. 1+ 27.1)) 2! (An(0) \, An(1)) [n € N}

where &, = {(([0,271].1) 25! Ay(0)) | 1 <i < n} are finite prefixes of a unique Pe,
trace, which we call ¢, that communicates that the function in question has value close
to 1 near point 0 and An(t) = U{‘:l(tw(t + 271)) is an enclosure that specifies that
afunction’svalue is close to 1 in the neighbourhood of t. Notice that [[¢n]]s = An(0).
Thus our trace {(t-1y1) communicates the fact that the operator takes a function whose
valueiscloseto 1 at point 0 to afunction whose valueis closeto 1 at point 1.

The semantics gp := (-1 o is @ map that takes each function enclosure:

— that is not above A;(0) to L
— that is above An(0) but not above An,1(0) to | |7, ([1,1+271] N\ i)
— that is above A (0) to | |2, ([1, 1+ 271\, )

Any enclosure a that fallsinto the first two cases above has trivial SubA Z;;”(a) and there-
fore only enclosures that fall into the third case can be given non-trivial constraints
within SubAZ;;"F". Moreover, the constraints are limited by the fact that for such lucky
enclosures a, SubAZ’;"(a) is only registering the value of the resulting enclosure at point
1. This means that our trace -1y IS relatively convergent because its A-semantics
map function enclosuresin the third category to the enclosure A (1), whose restriction
to SubAz’;”(a) isamaximal element in this domain because its value at point 1 is exact.
The convergencerate of thetraceis An.2"*.

As discussed earlier, in a practical implementation it is desirable to optimise com-
munication in higher order protocols, e. g. the trace components of the queries would
not be sent with the query directly but communicated over a private channel. In the case
of trace {(r_1)(1) the channel should be shared for al queries as they are prefixes of one
another. Also the answers could be substantially compressed owing to the fact that part

of the answer can be reconstructed from the query.
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5 Processes

Processes communicate with each other through channels connected to the process
sockets. As explained in Subsection 2.4, we do not develop a particular language or
calculus for defining processes. Instead, we capture their behaviour by observing the
way they participate in the generation of queries and answers through their sockets. A
functional denotational semanticsfor processeswill beinferred based onthe way events
appear on their input and output sockets.

5.1 Processtraces

Informally, a processtrace is an interleaving of protocol tracesindexed by the names of
sockets, which aredivided into input and output sockets. Theintuition behind points (iii)
and (iv) in Def. 17 below is that we make a distinction between internal and external
eventson a processtrace. A process has complete control over itsinternal events but no
control over the external ones, which can only be discovered.

Definition 17. A process (sometimes called a‘node’) N comprises:

— apair of dijoint sets of socket names: S (input) and S (output),
with notation for the set of all sockets: Sy == §; U §,

— aprotocol type assignment, i. . an assignment of a query-answer protocol P to
each socket se Sy,

— aset of valid process traces 3y such that:
(i) Eachtrace{ = (2, E, 75, pe) € Iy isaninterleaving of its projections ({s)s.s,
(see Def. 3) where
e each /sisavalid trace in the protocol £g;

e each query on an input socket is directly caused by at least one query on
an output socket;

e thereisno direct causality among events on input sockets, nor on output
SOCKets, i. e. te rESNXESN =De rEsmesﬁ = 0.

(if) A process cannot influence the way its queries on input sockets cause some
gueries on its output sockets (e. g. via a network loop), i. e. whenever

e /=(2,E,npe) ey and

o b\ (Es; X Eg;) = o\ (Es;, X Esgy)
thenalso (2, E, n,>e’) € .
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(iif) A process cannot prevent its neighbours connected via output sockets to
remain silent, nor can it control the way they make queries.

(iv) Similar to (iii), a process cannot prevent any partners connected viainput
sockets to remain silent, nor can it control the way they answer queries. ©

A process can be given in a concrete language, such asthat of Fig. 3, if its extracted
trace set meets (i)—(iv).

As an example, consider the process defined in Fig. 3. It is supposed to multiply
two real numbers communicated through its two input sockets named ‘x1' and ‘x2'
and communicate the result through its only output socket named ‘out’. Assume all
of the process sockets use the protocol for exact real numbers in which each query
is a natural number with semanticsin w] and each answer is an interval with rational
endpointswith semanticsin IR. The following is an example finite trace in the process
trace set:

o]

~ ] - ~
(out,(1,[0,2)) _(out, (1, 0,21)) "oout, 2, [V m@

@(n.u, [0, 12) @xl,u. 0,11) @xl.(z, [, 1))

02, (LIL2D) G2, (L[L2D) (2,2, [1, 1/2])

We see three queries on the output socket, each causing a pair of similar events on
the input sockets. Moreover, one of the events on the input sockets caused via means
unknown to the process two of the three incoming queries. By rule (ii) in the above
definition, if we removethese two causalities from the trace, we get another valid trace.
Also if we add any other such causality from output queries to input queries, the trace
will bevalid for the process as long as the causalities do not form a cycle as thiswould
break the definition of causality trace (Def. 1).

Also, notice that the left and middle queries have the same content, being two oc-
currences of the same query element. If the process would cache its answers the trace
could show the middle query without any consequences, i. e. the two events underneath
it would be removed, assuming the middle query occurred after the left query had been
answered. Alternatively, the middle and left ‘out’ queries can both individually cause
the same pair of ‘x1' and ‘x2' queries.

The underlined bits are the ones given externally. Thus by rules (iii-iv), there have
to be traces that take into account any other set of queries (potentially with very differ-
ent consequent events) and for the same queries, there have to be traces that consider

6 We omit the full formalisation of these two rules. The formalisation is technically complex
but intuitively straightforward: Each event is broken down into bits that are determined by the
current process and hits that are determined by its environment. The process must not make
any assumptions about the bits that are given by the environment except that all protocols are
followed. Thisisexpressed by stating that for each trace in the trace set many other traces also
have to be in the set — namely those traces that differ from this trace in the externaly given

bits. Moreover, the process has the freedom to adapt its own bits that depend on the changed
external bits.
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different answers to the queries on input sockets, potentially giving different answersto
the queries on output sockets, or even generating further queries on input sockets before
answering. Furthermore, there have to be other traces that capture what happens when
some or al of the queries on theinput sockets are not answered.

5.2 Further example processes

To get further insight, we introduce further two processes that in our experience tend to
appear often in networks. Their activity diagram definitions are in Fig. 8. N ™% has
two input sockets and one output socket of the same protocol # and it merges infor-
mation from both input sockets to the output socket, assuming the two input sockets
provide information consistent with each another. N %" pehaves as a cache of pre-
viously sent information to minimise repetition of queries. It can be inserted into any
channel without changing the network denotational semantics but improving its opera-
tional behaviour. We usually omit its occurrencesin network diagramsfor simplicity.

Note that both of these processes are defined generically for any protocol #. Thisis
possible thanksto the generic avail ability of concepts such as effort indicator for queries
and lattice-theoretical semantics for answers. Nevertheless, if one wants to instantiate
such processes to a concrete protocol in a computable manner, one has to provide an
effective representation of these concepts.

5.3 Process semantics
5.3.1 Process Q-semantics

To make the study of processes tractable, they are usualy viewed functionally, i.e. as
transformers, generating output based on what they receive as input. When focusing on
queriesinstead of answers, processes act as transformersin the opposite direction. The
following definitions formalise these two functional views of processesin the universe
of our query and answer |lattices.

We present two slightly different definitions of semantics. One is based on traces
and one on individual events within traces. In many cases these are equivalent but not
always. When focusing on events, we may capture situationsthat occur only in acertain
context, such aswhen the process has accumul ated certain knowledge based on previous
requests, separating only certain events from that context even though they may be
influenced by the context. On the other hand, when using traces, we cannot separate
groups of events unless the groups can be split into two valid traces, i.e. when the
groups are de facto independent. We will give examples of the differences after the
definitions are established.
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in out
P P i}
global x := L €[Pl; bestq := Le[Plqy
(gqid,q) := GetQry(out)
[q C bestq] I
Q/ V
ingid := DoQry(in,q,qid)
pick a, avalid answer to q a := GetAns(in,inqid)
witha C x, maximising a x 1= xUa
bestq := bestqlLiq
l 1
’ Reply(out,qid,a) ’%@
7)
V P
7)
Q Nmergep
ingid := pick a, avalid answer to q
DoQry(in,q,qid) with a C x, maximising a
in@qid := \l/
DoQry(in®,q,qid) ’ Reply(out,qid,a) ‘
(qid,q):= GetQry(out)|||a® := GetAns(in®,in0qid) 8@
aa := GetAns(in,inqgid)
x = ablaa
[x=T]

’Reply(out,qid,T)

[x#T]

Figure 8: Definitions of processes N and N™eger
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Definition 18. The event-based Q-semantics of a process N for an output socket s* is
defined as:

NG [#7 ]~ [ ] %71,
s e
(IN13, (@), =
|_|{q"3(2, E,7,pe) € W, 85, 87,G%, X", X :
nB7) = (s.(@.x)).nB") =(s".(". X)),
B e B.q" Cds

i. e. the function that given an upper bound on what has been asked on the output socket
s*, for each of its input sockets s™, returns the least upper bound on what the process

consequently asks through this input socket.
The event-based Q-semantics of N on all output sockets is defined as:

NG [ [ =], [ 1%,

stes) se§
INI§ (As)ses) = | | INIS (as)
ste§|

The trace-based definition is much simpler:

Definition 19. The trace-based Q-semantics of aprocess N is defined as:
INIS (@5 es;) = | (12 Do), s | € € T ¥S" € S 2 e To E 0s)
Lemma?20. For any process N, we have [[N]]g C [[N]]g.

Proof. Starting with Def. 19, we note that for each trace ¢ considered in the set con-
struction, we have only queries below gs- on each output socket s* and all queries on

input sockets are caused by some queries on output sockets, thus ([Zs 1) __ 5 is&

counted for in [N]i§ viathe queriesin . m

As noted earlier, the two Q-semantics may differ. A simple example whereit is the
case is a process that passes a continuous real function using the g, protocol from its
one input socket into its one output socket enforcing the 2" convergence rate. More-
over, assume that the process is optimised to record past queries and when asked for a
higher accuracy tries to guess the query in order to avoid having to make many queries
whilewaiting for the accuracy of the input to reach the required level. Thus we may see
the following queries: ([0, 1], 1) on output causing copies of the same query but with
effort indicators 1, 2, 3, 5, 10 on the input, then ([1, 2], 2) on the output, causing query
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([1, 2], 20) on the input. If the same process receives query ([1, 2], 2) without any his-
tory, it results in sending multiple queries with effort indicators 1, 2, 3,5, 10, 17 to the
input socket. This means that trace-based Q-semantics maps ([1, 2], 2) to ([1, 2], 17),
whereas the event-based Q-semantics maps it to (([1, 2]), 20) or higher because while
studying what happens when ([1, 2], 2) arrives, it considers the first trace and its last
two events ignoring the first six events and thus ignoring their learning effect.

It is desirable to identify a natural class of processes where the two semantics co-
incide. From our example it appears that one has to forbid learning of a certain nature.
We capture such a property as being able to replay any causally-closed sub-trace of a
valid trace, i. e. responding the same with or without context that is not connected via
the causality relation:

Definition 21. A process N is said to be without hidden state iff for each trace £ € Iy
any causally-closed subtrace / [z isalsoin .

In our example we can expose the process' hidden state by modifying it to be more
honest about which outgoing query supports which incoming query — if all the past
queries inform future answers, then they should all be seen as “caused by” the future
queries.

Lemma22. For any process N without hidden state, we have [[N]]g = [[N]]g.

Proof. Starting with Def. 18, for each trace with query q* C s we take the causally-
closed subtrace generated by this event. Moreover, by point (ii) in Def. 17 we can as-
sume that this subtrace contains no other query on an output socket. This subtrace is
avalid process trace because the process is without hidden state. Such subtraces will
account for all pairs q*, q-, so we get [N] 2 [[N]]g, which together with Lemma 20
gives the resullt. O

We use the notation [[N]]Q whenever we know that N is without hidden state.

From now on we will assume that all unspecified processes are without hidden state.
All processes we considered so far are such except N \We change N to expose
its hidden state by declaring that each of its queriesis directly caused not only by the
first query that triggered it but also by all subsequent queries that are informed by it
viathe cache. Note that in an infinite trace one query going out on an input socket may
thus be formally caused by infinitely many queriesthat come through the output sockets
afterwards.
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5.3.2 Process QA-semantics

Definition 23. The event-based QA-semantics of a process N is defined as:
L B G e B
seSy steS;
(INIA ((@5)s o5y () =
|_|{|_|iel a’ ‘ A Emee) € W (B0 )ig
Viel.n@)=(s"(q. &), q 2as,
Vs €Sy, Jdcl, (,BJ-‘,qj‘,aj‘)jEJ :
Ve d g v By n(By) = (5707 4))) :
ds (Lljes o) E Ujes a7
i.e. the function that for a tuple of query-to-answer mappings representing a lower

bound on what is available through the input sockets, returns a lower bound on the
guery-to-answer mappings the process will offer through its output sockets.

The reason g I s+ has been used in Def. 23 above instead of equality is that
an element ¢ € [#1q need not necessarily be the semantics of a single query, even
though it may well be the limit of the semantics of (infinitely many) other queries. In
such cases equality would lead to an infimum over the empty set, whichis T.

As before, the trace-based semanticsis much simpler to define:

Definition 24. The trace-based QA-semantics of aprocess N is defined as:

[[NJJBA ((dS‘)FESJ) = |_|{(I[§S+]]QA)s+eSN+

Having no hidden state guaranteesthe equality of the two variants of QA-semantics,
in much the same way it did for Q-semanticsin Lemma 22:

{eWYS €S [¢sllga 2 05

Lemma25. For any process N without hidden state, we have [[N]]gA = [N]EA.

While the proof of thislemmais bound to be more technically complex than it was
for Q-semantics, its essence is the same: each trace can be represented by its groups of
causally-closed query-answer pairs and each output-input causality can beisolated in a
separate trace. We therefore omit a detailed proof.

For aprocess N without hidden state we denote its QA-semantics simply as [[N]]QA.

5.3.21 Semantics of example process

The multiplication process given in Fig. 3 has fairly simple Q- and QA-semantics. The
Q-semantics is Ai.(i, ). Such semantics is interpreted as follows: whenever the output
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socket has only queries below or equal i, then each of the input sockets will be given
only queries below or equal i. Estimates of queriesin thisdirection are useful for giving
a condition that prevents queries from forming infinite dependency cycles in networks
(see [Konetny and Farjudian 2010Q]).

The QA-semantics of the multiplication processisthe map that takes a pair of map-
pings of type [w! — IRT] to a mapping of the same type by point-wise multiplying the
two mappings. Thanksto the consideration of queriesthat are not directly expressiblein
the protocol, i. e. the“query” T in this case, the QA-semantics contains the information
that the process does not give partial or incorrect answers when multiplying two exact
numbersin the limit.

5.3.3 Processresponsiveness and consistency

Unfortunately, one cannot deduce from a process QA-semantics that the process al-
ways gives correct answers. For example, even when the QA-semantics says that a
network computes the exact product of its inputs, it may in fact be the case that the
network rarely answers any query sent to it. Thisis because QA-semantics has no way
of capturing whether or not queries always get answered and whether or not answers
exclude T. When taking alternative traces into account and some of them map some
queriesto T while others don’t, the infimum in Def. 24 will hide the occurrence of T.
If we can show that a network answers all its queries and the answers are not T, we
have ruled out that the QA-semantics could be T unless certain queries are genuinely
never asked. It istherefore important to find ways to prove that a process answers all its
queries and it does so in a consistent manner. We start by defining what this means.

Definition 26. A process N is called responsive iff there is no trace ¢ € Iy in which
thereisan unanswered query 8 on an output socket whileall queriesin ¢ that aredirectly
caused by B are answered.

Definition 27. A process N is called consistent iff there is no trace ¢ € Ty in which
[Zs+]la = T for some output socket s* while [[Zs-]5 # T for all input sockets s™.

Since all processes we consider are responsive, we will focus on maintaining this
property via composition (see Part 11). To show the consistency of acomposite process,
we will have to devel op other means because oneimportant basic processis not consis-
tent, namely N™&% — unless the two input sockets of N™&%€ give consistent val ues, the
output is not consistent. To handle such processes, we introduce the following property:

Definition 28. A process N is called QA-consistent if for each trace £ € Ty and output
socket s*

NTga (145 lon), o) (125 D) = [ Ta

S €S-



Konecny M., Farjudian A.: Semantics of Query-Driven Communication ... 2625

By definition of QA-semantics, we aways havethe C part of the above equality. Ina
QA-consistent processall traces agree about theresult in the limit, and thus avoi d weak-
ening the process QA-semantics. In other words, a QA-consistent processis almost ex-
tensional, i. e. despite various differencesin execution due to the representation of input
information and nondeterminism, whenever the inputs have the same QA -semantics, the
output is unambiguousin itslimit, including the presence or absence of inconsistencies.

All processes we have considered so far are QA-consistent. Some important pro-
cesses that are not easy to make QA -consistent could be ones that require many-val ued-
ness. For example, a process that given coefficients of athird-order polynomial, returns
one of itsreal roots cannot be extensional, i. e. for different representations of the same
coefficients, it sometimes returns a different root. We do not deal with such processes
in this article but plan to support them using appropriate power-domain semantics and
thus maintaining a weaker version of QA-consistency.

5.3.4 Input-relative Q-semantics

Consider aprocessthat computes the identity function on real numbersusing a protocol
whose queries are natural numbers and answers are rational intervals. Additionally the
process guarantees the convergence rate An.2~" on its output socket. The standard Q-
semantics will be constant T as one cannot put an upper bound on the size of queries
that will have to be made to get even the first approximation of the required size. To
have a useful Q-semanticsfor such cases, we define a Q-semantics relative to a certain
lower bound QA-semantics on the input channels:

Definition 29 (Input specific Q-semantics). The Q-semantics of a process N without
hidden state relative to input QA-semantics (ds-)s-es; IS defined as:

[N/(ds)ses; | ((@)sres;) =
I_H([[f&]]Q)gesN ' (e, Vs' e éslloEas, Vs € § : [¢sloa 2 dg}

i. e. the function that given an upper bound on what has been asked on the output sock-
ets, for each of its input sockets s, returns the least upper bound on what the pro-
cess consequently asks through this input socket, assuming the input’s QA-semanticsis
above the given bound (ds-)s-es; -

In our example exponential rate identity process, if is is known that the input is
provided with QA-semantics that implies the convergence rate An.21~", the process has
the Q-semantics Aqg.q + 1 specific to thisinput.

5.3.5 Process continuity

L emma 30. [[N]]g, [[N]]g, [[N]](E?A and [[N]]gA are monotone for any process N.
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Proof. Increasing the argument increases (resp. decreases) the set of traces considered,
which increases the supremum (resp. infimum) of the semantics of these traces. Also
with increasing the argument, the set of events considered increases (resp. decreases),
which has the same monotone effect. O

In light of Lemma 30 one may expect to be able to extend the result to continuity.
However, as we have not considered any language or any restrictive method of defining
processes, they may well be non-computablewith non-continuousbehaviour. Moreover,
evenif the processes are computabl e and thus have a continuous | ow-level trace seman-
tics based on time-ordered sequences, our time-agnostic semantics is not necessarily
continuous for non-maximal elements. Next, we discuss such an example.

5.3.5.1 Non-continuous process example

An example non-continuous process is one that has one input and one output socket,
both using the Pr, protocol, and answers some queriesdirectly with L, whileit forwards
other queries to its input socket. When forwarding a query sometimes it forwards the
answer it receives and sometimes it forgets the answer and answers L instead.

Assume all queries strictly below ([0, 1], 2) (such as ([0, ¥/2], 2) and ([0, 1], 1)) are
ignored while all others, including ([0, 1], 2) itself are forwarded. Then the Q-semantics
maps ([0, 1], 2) to itself but al strictly lower queries it maps to L. This means that
Q-semantics is not continuous as the supremum of all queries strictly below ([0, 1], 2)
is ([0,1], 2) but the supremum of their Q-semantics is L, which is different from the
Q-semantics of ([0, 1], 2).

Also assume that all answers strictly below [0, 1]N\[0, 1] (such as [0, 1]\[0, 2] or
[0, Y/2]\\[0, 1]) arereplaced by L whereas all others are forwarded. The QA-semantics
maps 10.([0, 1] ~\ [0, 1]) to itself whereas the functions Aq.d for any d strictly below
[0, 1]\\[0O, 1] are all mapped to L. As these functions convergeto 4q.([0, 1] N\, [0, 1])
but their QA-semantics do not convergeto Aq.([0, 1] N\ [0, 1]), the QA-semanticsis not
continuous.

6 Summary and future work

We have laid the foundations of aframework in which one can study distributed query-
answer based computation. We have presented the basic definitions up to the process
level, providing, in particular, means to:

— analyse protocols for query-answer dialogues facilitating the transfer of partial in-
formation about objects,

— express the behaviour of a process that communicates with others using protocols
of thiskind, capturing it both at abstract trace and semantic levels;
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We have had in mind the exact computation over real numbers, and other similar
continuous types — on ground or higher orders — as encountered in analysis and ge-
ometry.

Inrelated work [Konetny and Farjudian 2010] we provide basic definitions of finite
or infinite networks built over these processes and establish results on how to safely es-
timate the semantic behaviour of afinite or infinite process network from the behaviour
of its components.

We also plan to make use of our explicit effort indicatorsto measure communication,
time and space complexity of processes using query-driven communication of exact
values.
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